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Introduction Domain Randomization

éFetaI brain MRI is an imaging technique crucial for
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- SynthSeg* is a popular approach for domain randomization in Evaluation on two domain shifts:
- adult neuroimaging that we have adopted for fetal brain MRI. -

o field strength (trained on 3T, tested on 0.55T)
¢ SR method (trained on SR similar to SVRTK)

SynthSeg’'s? generator for synthetic images

2. Fetal neurodevelopment is characterized by drastic Using real data

anatomical changes in the brain throughout gestation. Fine-tuning FetalSynthSeg with real images can further
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FetalSynthSeg incorporates domain-specific knowledge into the
generation pipeline. :

It address fetal tissue heterogeneity and super-resolution
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artifacts by introducing meta-label splitting strategy into
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